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Abstract: With the rapid advancement of artificial intelligence (AI) and cloud computing techn-
ologies, the "cloud—AI synergy" has become the new norm in the information technology ind-
ustry. This transformation presents unprecedented challenges and opportunities for the develo-
pment of cloud computing courses in computer science and related disciplines at universities.
Traditional cloud computing teaching models often lag behind industrial practices, making it

difficult to meet the demand for interdisciplinary technical talents in the AI era. This paper

provides an in-depth analysis of the evolution trends of cloud computing technology in the Al
era and identifies existing issues in current university cloud computing courses, including de-
ficiencies in theoretical frameworks, practical components, teaching models, and faculty exper-
tise. Based on the concept of "Al application orientation," this paper proposes systematic refor-
m strategies from dimensions such as restructuring course content systems, strengthening ha-
nds on practice with real cloud platforms, innovating blended teaching models, and building

high quality faculty teams. The integration of Al technology into cloud computing course refo-

rms effectively enhances students' engineering practice abilities and innovative thinking, provi-
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ding strong support for cultivating outstanding engineers capable of meeting the demands of
the new era.
Keywords: Artificial intelligence; Cloud computing; Educational reform; Industry—education In-

tegration
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